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Ramona Luca, Camelia Lazăr

Abstract

Presented are the methods proposed by authors to identify
and model the optic disc in colour retinal images. The first three
our approaches localized the optic disc in two steps: a) in the
green component of RGB image the optic disc area is detected
based on texture indicators and pixel intensity variance analysis;
b) on the segmented area the optic disc edges are extracted and
the resulted boundary is approximated by a Hough transform.
The last implemented method identifies the optic disc area by
analysis of blood vessels network extracted in the green channel of
the original image. In the segmented area the optic disc edges are
obtained by an iterative Canny algorithm and are approximated
by a circle Hough transform.

Keywords: optic disc, retinal images, vessel segmentation,
Hough transform.

1 Introduction

Proposed in the last years, there is a huge literature on automatic
analysis of retinal images, the optic disc evaluation being part of this
work. The recognition and assessment of optic disc in retinal images
are important tasks to evaluate retina diseases as diabetic macular
edema, glaucoma, etc. The uneven quality and diversity of the acquired
retinal images and the large variations between individuals made the
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automatic analysis a strongly context dependent task. Even so valuable
methods were proposed and the authors have reported their results
lately using public retinal images databases as DRIVE (40 images),
DIARETDB1 (89 images) or STARE (402 images).

Part of the proposed techniques, called bottom-up methods, first
locate the optic disc and then starting from that area track the retinal
vessels and do the required measurements [1], [2], [3], [8]. There is
another approach of retinal image analysis that tracks the retinal ves-
sels and gets the optic disc as the root of the vessels tree. The second
one is called top-down approach [4], [5], [7], [17]. Besides these two
trends, there are mixed approaches, independently detecting the optic
disc centre and retinal vessels, as the ones proposed in [15], [23]. In
these ones the blood vessel network analysis is combined with other
methods to locate optic disc area.

A bottom-up technique is presented in [1]. The optic disc recog-
nition and modelling were done in two steps. The first one locates
the optic disc area using a voting procedure. There were implemented
three methods: the maximum difference method that computes the
maximum difference between the maximum and minimum grey lev-
els in working windows, the maximum variance method and frequency
low pass filter method. The green channel of the RGB input image was
used. The first method filters the image using a 21× 21 median filter
and then for each pixel in the filtered image the difference between the
maximum and minimum grey levels in a 21 × 21 window centred on
the current pixel is computed. The pixel with the maximum difference
is chosen optic disc centre candidate. Second method calculates the
statistical variance for every pixel of the green channel using a 71× 71
window. Then, the blue channel image is binarized by Otsu technique.
The pixel in the green channel with the maximum statistical variance
and having at least 10 white neighbours pixels in a 101× 101 area cen-
tred on it but in the blue binarized channel is proposed as disc centre.
The third voting method transforms the green channel from spatial
domain to frequency domain, by a Fourier transform. The magnitude
image of the transform is filtered using a Gaussian low-pass filter and
the result image is transformed back to the spatial domain. The bright-
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est pixel in result image is taken as the third optic disc centre candidate.
Finally the voting procedure chooses the estimated disc centre from the
three candidates: 1) if all three candidates are close to their centre of
mass, the centre of mass is proposed as an approximate disc centre; 2)
if only two from three candidates are close to the centre of mass of all
three points, the centre of mass of these two candidates is chosen; 3)
if all candidates are far apart from their centre of mass, the candidate
proposed by the second method is chosen, the most reliable considered
by the authors.

Part of this optic disc area segmentation was also implemented in
our first system to process retinal images.

In the second step of the whole methodology proposed in [1] a 400×
400 window is centred on the estimated disc centre, and extracted from
green and red channels of the original image. A morphological filter is
employed in [6] to erase the vessels in the new window and a Prewitt
edge detector is then applied. Then, by the same Otsu technique,
the image is binarized. The result is cleaned by morphological erosion
and finally a Hough transform is applied to get the final optic disc
boundary. The boundary with the best fitting from the two channels
is chosen. The authors report for 1200 retinal images a score of 100%
for approximated localisation and a score of 86% for final optic disc
localisation.

Another bottom up approach to locate optic disc area was proposed
in [8]. The method combines two algorithms: a pyramidal decomposi-
tion using Haar wavelet transform and an optic disc contour detection
based on Haussdorf distance. Areas, usually white patches that might
disturb the right disc area detection are eliminated during the pyramid
synthesis. In the end, the low resolution level contains only the useful
information. Finally the disc is selected from ten optic disc candidates.

In [3] another automatic optic disc detection was proposed based on
majority voting for a set of optic disc detectors. There were employed
five methods to detect optic disc centre: pyramidal decomposition [8],
edge detection [8], entropy filter [14], fuzzy model [5] and Hough trans-
form [10]. Each of the five methods is applied on the whole working
image. A circular template is fit on each pixel in the initial image to
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count the outputs of these algorithms that fall within the radius. The
circle with the maximum number of optic disc detector outputs in its
radius is the chosen area to refine the optic disc detection. An improved
version of the voting method was proposed in [2].

From the top down methods the one proposed in [4] detects the
retinal vessels convergence using a voting-type algorithm named fuzzy
convergence. In another paper [5], in a first step there are identified the
four main vessels in the image. Then the four branches are modelled
by two parabolas whose common vertex is identified as the optic disc
centre.

Another top down approach is proposed in [17]. The blood vessel
network is segmented after a sequence of morphological operations:

a) the bright areas, associated with diabetic lesions, are removed ap-
plying a morphological operator to detect regional minima pixels
and then the resulted image is reconstructed by dilation;

b) the result background image is enhanced by a morphological con-
trast operation and then a Gaussian filter is applied;

c) the elongated low intensities regions, associated with vascular
tree, are extracted with a top-hat by closing operator;

d) the maximum of openings are retained for a structuring element
of 80 pixels long segment and 24 orientations. These are the main
branches of the vessels tree;

e) the vascular tree is then estimated by reconstruction by dilation
using the result image from step d) as marker image and the
result image from step c) as mask element;

f) the grey level image resulted in previous step is binarized using
a morphological operator to detect regional minima pixels as in
step a). The result is complemented;

g) the skeleton of the vessel tree is obtained in the binary image by
morphological operation;

h) the useless short vessels branches are eliminated by a 20 step
pruning operation.
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In the resulted vessel tree image a point close to optic disc is calcu-
lated: a) the holes of the vessel network are filled; b) the tree branches
are thinned; c) a recursive pruning operation is applied until no more
reduction is possible, so only the main parabolic branch remains. The
mass centre of the parabolic branch is considered the point closest to
the optic disc.

In [17] other optic disc detection methods taxonomy is proposed.
There is identified a first group of methods, [7], [18 – 21], that local-
izes the optic disc centre as the convergence point of the main blood
vessels. However, these methods can be assimilated to the top-down
category. From the second category group identified in [17], M. Niemei-
jer [23] uses a mixed algorithm combining the vessel network analysis
and other segmentation method to locate optic disc area. The rest of
the methods proposed in the second group of papers, [13], [22], [24 –
28] can be assimilated to the bottom-up methods. For two of these
papers, [27] and [28], the main purpose is the exudate detection, so
the optic disc detection and elimination are mandatory. While in [28]
the optic disc area is identified using morphological operators, in [27],
besides morphological filtering techniques, the watershed transforma-
tion is used. Another approach [22] from the second group identifies
the optic disc using specialized template matching and segmentation
by a deformable contour model. In [25] a genetic algorithm is proposed
to localize the optic disc boundary. In [26] the authors utilize texture
descriptors and a regression based method to find the most likely circle
fitting the optic disc.

Most of the papers mentioned in the taxonomy proposed in [17]
report very good results of detecting optic disc area for images from
DRIVE or DIARETDB1 database or both.

2 Optic disc area segmentation methods

To locate the optic disc area we started following a similar methodology
as the one proposed in [1]. In the first attempt tests have been done on
720× 576 RGB retinal images [11], provided by our collaborators from
Grigore T. Popa University of Medicine and Pharmacy, Iaşi, Romania
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(UMP). From the three methods of the voting procedure presented
in [1] we obtained good optic disc area localisation with a modified
Low-Pass Filter Method and the Frequency Low Pass Filter Method.

The first method was implemented as in [1]. The green channel of
the input image was transformed in frequency domain and on the image
of the magnitude of the FFT transform a Gaussian low-pass filter was
applied:

H(u, v) = exp
(
−D2 (u, v)

2D2
0

)
, (1)

where D (u, v) is the Euclidean distance from point (u, v) to the origin
of frequency domain and D0 is the cutoff frequency, of 25 Hz. The result
was transformed back to the spatial domain and the brightest pixel of
the result image was chosen as an optic disc area centre candidate.

For the second voting procedure we tried the Maximum Difference
Method proposed in [1]. But good results were obtained with an ap-
proach derived from this one. As in [1], a 21 × 21 median filter was
applied on the green channel of the input image to eliminate isolated
peaks. Then for each (i, j) pixel of the filtered green channel I(x, y) the
difference between the maximum grey value and minimum grey value
of the pixels inside a 21× 21 window centred on the current (i, j) pixel
is calculated:

Diff(i, j) = Imax
W (i, j)− Imin

W (i, j). (2)

There are stored four pixels with the greatest values Diff(i, j). Then,
starting from texture operators:

L5 =
[

1 4 6 4 1
]
,

E5 =
[ −1 −2 0 2 1

]
,

S5 =
[ −1 0 2 0 −1

]
,

(3)

where:
L5 – mask to assess the grey level average;
E5 – edge mask;
S5 – corner mask,
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the following masks, as in [8], are synthesized:

L5txE5 =




−1 −2 0 2 1
−4 −8 0 8 4
−6 −12 0 12 6
−4 −8 0 8 4
−1 −2 0 2 1




,

L5txS5 =




−1 0 2 0 1
−4 0 8 0 4
−6 0 12 0 6
−4 0 8 0 4
−1 0 2 0 1




,

E5txL5 =




−1 −4 −6 −4 −1
−2 −8 −12 −8 −2
0 0 0 0 0
2 8 12 8 2
1 4 6 4 1




, (4)

S5txL5 =




−1 −4 −6 −4 −1
0 0 0 0 0
2 8 12 8 2
0 0 0 0 0
−1 −4 −6 −4 −1




.

For each pixel of the filtered green channel I(x, y) the texture pa-
rameter f(i, j) is computed:

f(i, j) = (5)
√

(fL5txE5(i, j))2 + (fL5txS5(i, j))2 + (fE5txL5(i, j))2 + (fS5txL5(i, j))2.

The value f(i, j) is then normalized:

F (i, j) =
f(i, j)− fmin

fmax − fmin
, (6)

where fmax = max{f(i, j)}, fmin = min{f(i, j)}, 0 ≤ i ≤ H − 1,
0 ≤ j ≤ W − 1, H is the image height and W is the image width.
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From the four pixels with the greatest values Diff(i, j) selected in
the first stage it is retained the one with the largest average of F (i, j)
computed on the 21× 21 window centred on the processed pixel.

From our tests we concluded that on the retinal images of healthy
patients or in the early stages of affection this second voting method
provides a closer point to the real optic disc centre than the first one.
However, on the retinal images strongly affected it fails. Finally, if the
two methods to approximate the optic disc centre provide close centres,
it is chosen the one computed by the second method. Otherwise the
centre computed by the first method is chosen. The results obtained
with the two procedures are illustrated in Figure 1, where the little
cross is the point found out by maximum difference method and the
big cross is the point provided by the second algorithm.

In a second step, we tried to apply the same methodology on images
of resolution 2592×1728 [12]. Good optic disc area localization results
were obtained only with the Low-Pass Filter Method (1), the third
method of the voting procedure in [1].

Results of detecting approximate optic centre position by two voting
procedures for low resolution image are illustrated by Figures 2.a and
2.b. A result using Low-Pass Filter Method for high resolution image
is depicted in Figure 2.d.

The optic disc zone identification using the same voting procedure
as in [12] failed for a third set of retinal images, of resolution 720×576,
provided by our collaborators from a different acquisition system. In
the new set, the green channel was not always consistent in term of
contrast. For some images the red channel is more suited to locate the
optic disc area, for other ones the green channel is desirable.

The right channel selection was done using a square window scan-
ning the whole red and green channels. The pixel intensity variance of
the scanning window centre was computed. The window side length
is the maximum expected circle diameter, estimated as a fraction of
image width. The channel with the greatest maximum variance was
chosen as working image to locate the optic disc area.

To identify the optic disc area in the selected image a new method
was proposed [13]: the image was transformed in frequency domain
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a) b)

c)

Figure 1. Results of detecting approximate optic centre position by
two voting procedures. Point marked with little cross is provided by
the first method and the one indicated by large cross is computed by
the second voting algorithm. When the two points are far apart, as in
the c) image, the centre computed by the first method is chosen – [11].
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a) b)

c) d)

Figure 2. Results of detecting approximate optic centre position by two
voting procedures for low resolution image, figures a) and b). Point
marked with little cross is provided by the first method and the one
indicated by large cross is computed by the second voting algorithm.
When the two points are far apart, as in the b) image, the centre
computed by the first method is chosen. A result using Low-Pass Filter
Method for high resolution image is depicted in figure d). Part of
original high resolution image is illustrated in figure c) – [12].
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and the magnitude result of the FFT transform was filtered by Gaus-
sian low-pass filter (1). The filtered result was transformed back to the
spatial domain. Using the histogram of the new image, noted I (i, j), a
binarization threshold was computed. On each “bright” pixel (having
a grey value greater than the binarization threshold) a square win-
dow of the same dimension as the one used in the channel selection
step was centred. Then for every window centred in the “bright” pix-
els, intensity pixel variance, noted V ar(i, j), was calculated. Also, for
every pixel I (i, j) a texture measure was computed, using the same
technique, Modified Maximum Difference Method, presented at the
beginning of paragraph 2. A new image F (i, j), of normalized texture
values, was created. Finally, the pixel O (m,n) of image I (i, j) with
F (m,n) > F (i, j)

0≤i≤H−1
0≤j≤W−1

and V ar(m,n) > 0.7max (V ar(i, j)) was declared

as the centre of a window containing the optic disc.
Results of the new identification optic disc area procedure are de-

picted in Figure 3. The original image is 3.a. The images I (i, j) and
F (i, j) are illustrated by Figures 3.b and 3.c. Black pixels in Figure 3.c
are “dark” pixels of I (i, j) not considered as possible optic disc centre
candidates. The final result is depicted in Figure 3.d, where the cross
indicates the centre of the working window in the selected channel.

Our previous methods to identify and model the optic disc pro-
vided very good results on retinal images of patients in early stages
of ophthalmic pathologies as diabetic retinopathy or glaucoma. Tests
have been made on three databases provided by our collaborators from
UMP, Iaşi. We obtained good results also on images seriously affected
by ophthalmic pathologies [12], [13].

The method proposed in [13] was tested on more than 100 images
from STARE database of an image selection based on optic disc visi-
bility. The results were good on the majority of these images but on
other ones the optic disc was not correctly localized. Another method
to segment the optic disc area was implemented based on the main
blood vessels convergence point identification in the green channel.

Based on a technique employed from [6], in a first step the vessel
tree of the green channel was iteratively segmented. A line of 27 pixels
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a) b)

c) d)

Figure 3. Result of detecting approximate optic centre position. a)
Original RGB image; b) Gaussian filtering result in frequency domain
I(i, j); c) F (i, j) image, where black pixels are “dark” pixels of I(i, j);
d) the cross indicates the working window centre – [13].
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length and 1 pixel width was used as structuring element for an opening
operation applied on the green channel for 12 different orientations of
the element:

IC = min
i=1,...12

(γBi (I)) , (7)

where I is the input image, Bi is the structuring element and γBi (I) is
the result of the opening for orientation i of the structuring element.

Then, using IC as marker image and the green channel as mask
image a morphological reconstruction was performed:

IC = RI

(
min

i=1,...12
(γBi (I))

)
. (8)

An image containing only background (large homogenous areas) results
from:

IB = max
i=1,...12

(γBi (I)) . (9)

Subtracting IB from IC an image containing only blood vessels is gen-
erated:

IV = IC − IB. (10)

Then an Otsu binarization of the IV image is iteratively applied until
one of the vessel configurations is obtained: a) a vessel tree with a big
ratio (number of white pixels)/(surrounding tree rectangle area) and
with surrounding tree rectangle area at least half of the input image;
b) two big vessel branches as illustrated in Figure 4; c) a single large
branch with a low ratio (number of white pixels)/(surrounding tree
rectangle area) but with surrounding tree rectangle area at least half
of the input image.

For cases b) and c) the principal axis of the binarized vessels is
computed. A search region is computed considering the distances to
principal axis of the endpoints of the branches in two branch case or
of the distances to principal axis of the parabola points in case c).

For configuration a) the search area was considered the minimum
surrounding rectangle. The search area for case b) is illustrated in
Figure 5.
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a) b)

c) d)

Figure 4. Results of IV image binarization for two branch case. a) Ori-
ginal image; b) first step binarization; c) second step binarization; d)
final step binarization.
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a) b)

c) d)

Figure 5. Search region for two branch case. a) original image; b) two
final branches; c) search region in the working image; d) search region
in the green channel were the next step is to approximately find the
disc centre.
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On the area established above, except of the FFT transform and
Gaussian filtering, the procedure proposed in [13] was applied to iden-
tify a point to be declared the centre of a new window containing the
optic disc.

Results of the new window centre calculation are depicted in Fi-
gure 6.

a) b)

c) d)

Figure 6. Results of the new window centre calculation. Green channels
a), c); new window centre b), d).
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3 Optic disc recognition

As in [1], [11], [12] and [13] the further work was done on a square
window centred on the optic centre candidate computed previously.
The searching window side is a fraction of image height. The tests have
been done on the green channel of the first two sets of retinal images
(86 retinal images of 720 × 576 size and 40 images of 2592 × 1728
resolutions), on chosen channel of the last set (300 of RGB retinal
images of 720 × 576 size) from our collaborators (UMP, Iaşi) and on
100 images from STARE database where the optic disc is visible.

Following the same technique employed in [6] in the established
window I the blood vessels were eliminated (7).

Results of the vessels erasing operation are illustrated by Figure 7,
for last set of retinal images received from our collaborators (UMP,
Iaşi).

a) b)

Figure 7. The result of vessels erasing. a) Selected channel b) Cleaned
working window – [13].

In order to perform a circle fitting the disc, edges have to be ex-
tracted. This is done by applying on image IC an iterative Canny filter
followed by binarisation. The same technique proposed in [12] and [13]
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was employed to do this:

1. Compute a binarization threshold using Otsu method, [9], on
image IC , without performing the binarization.

2. Choose a value close to Otsu threshold as a primary threshold
for Canny filtering.

3. Perform Canny filtering.

4. If there are not enough white pixels (less than a predefined thresh-
old) adapt the threshold for Canny filtering and resume process
from step 3.

5. Compute rmin and rmax, the minimum and maximum values of
circles radius, as fractions of the original image width.

6. For an interval [rmin, rmax] of circle radius compute a circle fitting
by Hough transform applied on window pixels with grey level
close to the window centre level.

7. Choose the centre radius with the best fitting score and best
distribution of fitting points.

8. If the fitting score is not desirable or there are few points to
perform the fitting, decrease the Canny threshold by a certain
amount (constant in our implementation) and perform Canny
filtering on IC and resume the process from step 6. Do this not
more than a predefined number of iterations.

9. If the detected circles have comparable fitting scores and fitting
point distributions, choose the circle with the longest radius.

Canny filtering was done using the OpenCV function. Hough trans-
form was performed by implementing our own method in order to get
more control on the distribution of the fitting points [12], [13]. The
distance between the current fitted circle centre and the mass centre
of the fitting points was used to evaluate the point distribution. In
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this way some configurations can be rejected even they are generated
by an acceptable number of fitting points if the points are not equally
distributed around circle centre.

4 Results and conclusions

Tests have been done on two first sets of 86 RGB retinal images of
720× 576 resolution and 40 images of 2592× 1728 resolution provided
by our collaborators (UMP, Iaşi). The method [13] to detect the optic
disc area worked well, with the same results as the one presented in
[12]: the rough optic disc localization has been successful on both image
sets. The final circle fitting failed on two low resolution images strongly
affected. Because the previous method [12] is faster we opted to keep
it for the old sets and use the approach presented in [13] only for the
last set of 300 retinal images of 720 × 576 resolution. The optic disc
localization has been successful on 280 images of the last set. The
final circle fitting failed on 10 images of the 280 images previously
mentioned.

The last method based on vessel tree analysis was tested on the
set of 300 RGB retinal images of 720× 576 size provided lately by our
collaborators (UMP, Iaşi) and on 100 images from STARE database
where the optic disc is visible. The new optic disc localization has
been successful on 282 images of the first set, a little bit better than the
previous method [13]. However, from 100 images chosen from STARE
database the method [13] failed to localize to optic disc area on 20
images while the new method was successful on 90 STARE images.

Figure 8 illustrates some final circle localization results for images
from the three sets from Grigore T. Popa University of Medicine and
Pharmacy Iasi and an image from STARE database.

The optic disk localization and modelling procedure was imple-
mented and tested in an image processing framework developed by
authors. It is implemented as a Windows application, in C++ using
Microsoft Visual Studio. For image manipulation and some processing
functions, the OpenCV library is used.
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a) b)

c) d)

e) f)
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g) h)

Figure 8. On the left column: original retinal images. On the right:
the final optic disc localization results. a), b) image from the first set
of 720× 576 resolution – [11]; c), d) image from the set of 2592× 1728
resolution – [12]; e), f) image from the last set of 720× 576 size – [13];
g), h) image from the STARE.
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tion in retinal images, 5th IEEE International Workshop on Soft
Computing Applications, 23-25 August, 2012, Szeged, Hungary,
Soft Computing Applications – Advances in Intelligent Systems
and Computing Volume 195, 2013, Springer Verlag.

[12] F. Rotaru, S. Bejinariu, C.D. Niţă, R. Luca. New optic disc local-
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